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How a Leading SaaS Company ($120M+ ARR) 

Delivered 4× More Features 

Without Adding Headcount 

AI-Powered SDLC Transformation  ·  A Case Study 

4× 

More features 

6 Months 

To Reach Full 4× Throughput 

16,000+ 

Annual customer Calls 
Analyzed 

150 

High-Impact Features 
Selected 

 

In 2025, a leading SaaS company ($120M+ ARR) transformed their software development lifecycle by 
embedding AI at every stage of the process — from mining customer conversations all the way to generating 
production-ready code. Starting from 16,000 annual Gong calls and ending at a GitHub Pull Request, the new 
pipeline compressed cycle times from months to weeks. The result: 2× feature output in the first 3 months 
and 4× by month 6, with zero new headcount. 

 

THE CHALLENGE 

 

CHALLENGE 01 
Low Feature Adoption  

In SaaS, ~70% of shipped 
features are underused. 
Product teams build on 
assumptions, not on evidence 
from actual customer 
conversations. 

 CHALLENGE 02 
Long Cycle Times 

End-to-end from idea to 
production took 4–6 months. 
Market windows closed before 
features shipped. 

 CHALLENGE 03 
Loudest Voice Wins 

Feature prioritization was 
driven by whoever was in the 
room — not by data from 
16,000 annual customer calls 
sitting unused in Gong. 
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THE SOLUTION: A 4-STEP AI-POWERED SDLC 

 

The company implemented a four-step process that connects customer voice directly to production code, 
with AI handling the high-volume translation work at each stage. Each step feeds the next seamlessly, 
eliminating the handoff delays that inflate traditional software cycles. 

1. Signal Layer: Mining 16,000 Customer Conversations 

Gong 
16,000+ customer & 

prospect calls 
recorded annually 

→ OpenAI Processing 
NLP extraction: feature 

requests, quotes & 
transcript links 

→ Excel Output 
Structured file: every 

feature request with 
evidence 

→ Feedback Loop 
Replit app — 700 ranked 

enhancement requests 
with 150 considered 

“High Impact”  

 

Every customer and prospect call is recorded in Gong. Sales and Customer Success runs 16,000+ such 
conversations annually. These transcripts are processed through an OpenAI pipeline that automatically identifies 
every product feature request, captures the exact customer quote, and preserves a direct link back to the source 
Gong transcript. 

The output is a structured Excel file — every product enhancement request across all calls, with customer evidence 
attached. This file is imported into Feedback Loop, a custom application built on Replit, which aggregates and ranks 
the 700 most-requested feature enhancements by frequency, ARR impact, and churn correlation. 

A weekly batch process keeps Feedback Loop current: all new customer calls from the week are automatically 
processed through OpenAI, and the Replit application is updated — giving Product Managers a continuously 
refreshed view of what customers are asking for. 

 

2. Feature Prioritization: From 700 Requests to 150 High-Impact Features 

Product Managers log into the “Feedback Loop” Application in Replit, analyze among the 700 
ranked requests across two dimensions: 

—  Booking potential: features that prospects cite as purchase blockers — ranked by ARR 
attached to accounts that requested them. 

—  Churn correlation: features that customers reference when they cancel or downgrade — 
ranked by ARR at risk. 

 
This produces a shortlist of 150 features that will simultaneously accelerate new ARR and protect 
existing revenue. Every prioritization decision is backed by verbatim customer evidence — not 
internal intuition or whoever spoke loudest in the last leadership meeting. 

When a PM selects a feature to build, they can show stakeholders the exact quotes from the 
customers who asked for it, the revenue those accounts represent, and the churn risk if it stays 
undelivered. Prioritization debates end. 
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3. AI-Accelerated Development: From Spec to Pull Request 

Claude Cowork 
PM writes PRD — AI 

synthesizes customer 
data, quotes & context 

→ Claude Design 
UX wireframes & design 
specs generated directly 

from the PRD 

→ Claude Code 
Production-ready code 
generated from spec & 

design 

→ GitHub PR 
Pull Request 

automatically created 
and tagged for review 

 

For each feature selected in Feedback Loop, the development workflow runs through three AI-assisted stages: 

—  Scoping — Claude Cowork: The PM writes the Product Requirements Document in Claude Cowork. The AI 
synthesizes the Feedback Loop data, customer quotes, and competitive context into a structured PRD. What 
used to take a week of workshops takes hours. 

—  Design — Claude Design: UX wireframes and design specifications are generated directly from the PRD in 
Claude Design. Design sprints that consumed weeks now complete in a day. 

—  Code & PR — Claude Code + GitHub: Claude Code translates the approved spec and design into production-
ready code. A Pull Request is automatically created in GitHub and tagged for engineering review — no manual 
handoff, no context loss between PM and developer. 

 

4. Engineering Review & Release 

PR Review 
Engineers pull GitHub PRs and 

review AI-generated code 

→ Test & Fix 
Run test suites, address edge cases, 

apply targeted fixes 

→ Production Release 
Merge approved PRs and deploy to 

production servers 

 

Software engineers pull the GitHub PRs created by Claude Code. They review the AI-generated code for 
correctness, security, and edge cases — then run tests, fix issues where needed, and release to production. 

The engineer's role shifts fundamentally: from "write code from scratch" to "validate and ship." This is not about 
replacing engineers — it's about eliminating the blank-page problem and the spec-to-build handoff overhead that 
consumes most of a traditional development cycle. 

Engineers spend their time on what they do best: ensuring quality, catching edge cases, and making judgment calls 
about production readiness. Cycle time shrinks from months to weeks. 
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THE RESULTS 

 

2× 

Features in 3 Months 
Double the feature output within the first quarter of 

implementation 

4× 

Features in 6 Months 
Quadruple throughput by month six — same team, 

same budget 

Weeks 

Not Months 
End-to-end cycle time compressed from 4–6 months to 

2–4 weeks 

0 

New Headcount 
No additional engineers, PMs, or designers to achieve 

4× output 

 

“We didn’t hire a single engineer. We just stopped asking engineers to do the work that AI can do 
faster. The same team that shipped 10 features a quarter is now shipping 40 — because every hour 
they spend is on code review and quality assurance, not on writing boilerplate from a half-finished 
spec.” 

— Guillaume Vives, SVP Product Management  ·  Founder, NxProduct 

 

ABOUT NXPRODUCT 

 

About the Author 

Guillaume Vives is SVP of Product Management at a leading SaaS 
company and founder of NxProduct. With 30 years in Customer 
Care and Product Management at enterprise SaaS companies, 
he architected the AI-powered SDLC process described in this 
case study — achieving a 4× feature velocity increase within six 
months without adding headcount. 

Book a Diagnostic Call 

Ready to run this playbook at your 
company? Contact G directly on the 
nxproduct.com website and let’s work 
together 

→  nxproduct.com 

 


